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1  |  INTRODUC TION

Satellite observations from the late 20th century and early 21st cen-
tury suggested that plant productivity increased widely in northern 
high latitudes in response to warming (Berner et al.,  2020; Guay 
et al., 2014; Myneni et al., 1997; Nemani et al., 2003). Yet, recent 
large-scale analyses based on atmospheric CO2 measurements from 
the Arctic suggest that summer CO2 uptake has been waning in re-
sponse to rising air temperatures in high-latitude ecosystems over 
the last few decades (Piao et al.,  2014; Wang et al.,  2018). Water 
stress on vegetation could be one of the possible mechanisms ex-
plaining the decrease in the positive response of plant productiv-
ity to warmer temperatures (Angert et al., 2005; Piao et al., 2014; 
Wang et al.,  2018), as water stress has been identified as a cause 
for the “browning” (i.e., decrease in plant biomass) of Arctic tun-
dra (Gonsamo et al.,  2019; Myers-Smith et al.,  2020), and also 
for a decrease in the net growing-season carbon uptake over the 
last decades (Angert et al.,  2005; Wang et al.,  2018). In addition, 
soil moisture affects Arctic plant species distribution (Bring et al., 
2016; Kemppinen et al., 2021; Nabe-Nielsen et al., 2017), and plant 

photosynthetic activity both directly (Dahl et al.,  2017) and indi-
rectly via influencing nutrient mineralization and absorption of nu-
trients by roots (Körner, 2003; López-Blanco et al., 2020).

At the site level, the impacts of soil moisture on tundra CO2 fluxes 
are broadly understood. Drier conditions increase aerobic respira-
tion resulting in a decrease in net carbon storage by tundra ecosys-
tems, while wetter conditions conversely reduce soil decomposition 
and subsequent CO2 losses (Kwon et al., 2016; Lupascu et al., 2014; 
Oberbauer et al., 2007). Yet, a large-scale analysis, which tested 
if soil moisture could explain a decrease in the correlation between 
the normalized difference vegetation index (NDVI) and air tempera-
ture in northern ecosystems, found an increase in soil moisture over 
the last decades, therefore suggesting that soil drying is not the main 
mechanism explaining the reduced response of plant productivity to 
temperature (Wang et al., 2018). However, the hydrology of northern 
high-latitude ecosystems is complex, driven by the tight link between 
water drainage and the presence and depth of permafrost (Liljedahl 
et al., 2011). In addition, micro-topography in Arctic ecosystems results 
in extreme plot-scale variability in vegetation types, soil properties, 
and soil moisture content over the meter scale (Davidson et al., 2016; 
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Abstract
Long-term atmospheric CO2 concentration records have suggested a reduction in the 
positive effect of warming on high-latitude carbon uptake since the 1990s. A vari-
ety of mechanisms have been proposed to explain the reduced net carbon sink of 
northern ecosystems with increased air temperature, including water stress on veg-
etation and increased respiration over recent decades. However, the lack of consist-
ent long-term carbon flux and in situ soil moisture data has severely limited our ability 
to identify the mechanisms responsible for the recent reduced carbon sink strength. 
In this study, we used a record of nearly 100 site-years of eddy covariance data from 
11 continuous permafrost tundra sites distributed across the circumpolar Arctic to 
test the temperature (expressed as growing degree days, GDD) responses of gross 
primary production (GPP), net ecosystem exchange (NEE), and ecosystem respira-
tion (ER) at different periods of the summer (early, peak, and late summer) including 
dominant tundra vegetation classes (graminoids and mosses, and shrubs). We further 
tested GPP, NEE, and ER relationships with soil moisture and vapor pressure deficit to 
identify potential moisture limitations on plant productivity and net carbon exchange. 
Our results show a decrease in GPP with rising GDD during the peak summer (July) 
for both vegetation classes, and a significant relationship between the peak summer 
GPP and soil moisture after statistically controlling for GDD in a partial correlation 
analysis. These results suggest that tundra ecosystems might not benefit from in-
creased temperature as much as suggested by several terrestrial biosphere models, if 
decreased soil moisture limits the peak summer plant productivity, reducing the abil-
ity of these ecosystems to sequester carbon during the summer.
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Wilkman et al., 2018; Zona et al., 2011), adding to the challenges of 
using coarser-scale remote sensing products (e.g., from Landsat [30 m] 
or MODIS [250–1000 m]) to characterize the soil environment in these 
northern ecosystems. Satellite microwave soil moisture retrievals from 
the Soil Moisture Active Passive mission, purported to be one of the 
most reliable global soil moisture products (Zwieback et al., 2019), have 
a very coarse sampling footprint (~40-km) and showed no meaning-
ful correlation with in-situ soil moisture in several Arctic ecosystems 
(Wrona et al., 2017). The disagreement between coarse soil moisture 
remote sensing products and the site-level measurements is exacer-
bated by the sparsity of ground-based data to estimate soil moisture 
across scales in Arctic ecosystems (Wrona et al., 2017). The lack of 
consistent long-term data (i.e., more than 10 years) on site-level plant 
productivity, carbon fluxes (e.g., eddy covariance), and soil moisture 
across northern ecosystems has limited our ability to directly recon-
struct the temporal changes in the Arctic carbon balance resulting 
from environmental changes over recent decades. Given the complex-
ity of these systems, the response of the tundra carbon exchange to 
moisture changes remains a key research question that requires eval-
uation across the Arctic (De Vrese et al., 2022; Göckede et al., 2019).

In this study, to capture the response of surface-atmosphere fluxes 
of carbon dioxide to temperature and moisture at different stages of 
vegetation development, we investigate the correlation between air 
temperature (expressed as growing degree days, GDD), vapor pres-
sure deficit (VPD), volumetric soil moisture content, net ecosystem 
exchange (NEE), gross primary production (GPP), and ecosystem respi-
ration (ER) at different times of the summer. For this analysis, we used 
11 eddy covariance sites distributed throughout the pan-Arctic region. 
Given that different vegetation communities have different soil mois-
ture optima for soil respiration and photosynthesis, we also tested the 
response of NEE, GPP, and ER by grouping sites based on their main 
vegetation classes. In fact, net CO2 uptake has been found to respond 
differently to increased temperature in wetter fens and drier tundra 
ecosystems (Grant et al., 2015). We expect higher GDD to be related to 
higher GPP, and greater net carbon uptake across these temperature-
limited ecosystems in all the summer months. This relationship would 
be especially present in the sites with more drought-tolerant vegeta-
tion (e.g., shrub-dominated ecosystems). We also expect soil moisture 
and VPD to limit plant productivity and carbon sequestration in July 
and August in the ecosystems dominated by graminoids and mosses, 
consistent with the progressive soil and moss drying during the sum-
mer. Finally, we expect a steeper response of ER to increases in GDD 
in dryer shrub dominated ecosystems given that higher soil aeration 
should stimulate ER and decomposition rates to a higher degree.

2  |  METHODS

2.1  |  Study sites

A total of 11 eddy covariance sites distributed throughout the pan-
Arctic region were used in this study (Figure 1). The dataset comprises 
99 site-years of data including NEE, GPP, ER, and GDD; 74 site-years 

included soil moisture data. Some sites had no soil moisture available 
for some years, and RU-CoK had no soil moisture available for the 
entire time period, Table 1. This dataset included a time range from 
6 to 19 years for each site (Table 1). All sites are located in continu-
ous permafrost tundra regions. The 11 sites encompassed a range of 
tundra types, as classified by Walker et al. (2005); see Table 1, and 
moisture status. The wet end of this continuum (with soil moisture 
more than 60%, see Table 1) included sedge/grass, moss and shrub 
wetlands, the intermediate moisture level included graminoid and 
tussock tundra and had an average soil moisture around 47%–60% 
(Table 1), and dwarf and erect shrub tundra occupied the drier end 
with soil moisture about 42%–31% (Table 1). The average summer 
(June–August) GDD, and soil moisture are included in Table 1. GDD 
was estimated as the sum of the mean daily air temperatures above 
5°C for the entire summer, and for each of the three summer months 
(June, July, and August) separately (Ueyama et al., 2013).

Based on vegetation characteristics described in Walker 
et al. (2005), we arranged the sites into two separate groups: (1) the 
“graminoid and moss dominated” which included US-Bes, US-Atq, 
RU-Sam, RU-Cok, RU-Che, US-Ivo and US-ICs, and (2) the “shrub-
dominated” ecosystems which included GL-ZaH, CA-DL1, CA-TVC, 
and US-ICh (Table  1). The US-ICh was included in the “shrub-
dominated” group after discussion with the site PI, as it is a dry heath 
tundra ecosystem dominated by Dryas integrifolia, lichen, Carex spp., 
dwarf evergreen, and deciduous shrubs (Euskirchen et al.,  2017). 
These groupings were based on the dominant vegetation at each 
of the sites: the sites classified as W1, W2, W3, and G4 by Walker 
et al.  (2005) are mostly dominated by mosses, sedges, and grasses 

F I G U R E  1  Location of the 11 eddy covariance (EC) flux tower 
sites included in this study. All sites are located over continuous 
permafrost. Details on the vegetation types, the available time 
periods, the average summer soil moisture at each site, and 
references describing the sites are included in Table 1.
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with only sparse or no shrub cover and have generally higher soil 
moisture, while the sites classified as P2 and S1 are dominated by 
shrubs and have generally lower soil moisture (Table 1).

2.2  |  Eddy covariance data processing and 
meteorological data

A full description of the eddy covariance data processing and de-
tails of the site level instruments are included in the references 
listed in Table 1. Tundra sites are appropriate for eddy covariance 
methods because they fulfill the assumption of flat terrain which 
is often violated in other ecosystems. Moreover, given the short 
stature of tundra vegetation, the eddy covariance instrumenta-
tion is only a few meters from the surface; footprint analyses from 
some of the sites included in this study showed an average fetch of 
about 200 m (Reuss-Schmidt et al., 2019). Negative NEE indicates 
CO2 uptake by the ecosystem, and a positive NEE shows CO2 loss 
to the atmosphere. Missing data were gap-filled according to the 
standard methodology of Ameriflux/Fluxnet for all sites (Pastorello 
et al., 2020), except for some years in US-Bes, and US-Atq due to 
large gaps where a neural network approach was employed as de-
scribed in Goodrich et al.  (2016). ER and GPP were estimated ac-
cording to Lasslop et al. (2010) using the “REddyproc” package in R 
(Wutzler et al., 2018), as nighttime data are unavailable for most of 
the Arctic summer. The algorithm developed by Lasslop et al. (2010) 
partitions NEE using a hyperbolic light response curve to model GPP 
in combination with an exponential model term, to account for the 
temperature sensitivity of respiration. Additionally, the VPD limita-
tion of photosynthesis is considered. The soil moisture data used 
in the study were measured at each site (except for RU-Cok) using 
time-domain reflectometry probes inserted in the moss or soil layers 
in proximity of the eddy covariance towers. We selected a subset 
of the available soil moisture sensors at each site to use consist-
ent depths across sites, and sensors with the most complete record 
within each site (0–20 cm depth, Data  S1). Air temperature and 
relative humidity were measured with an HMP45 Vaisala (Vaisala, 
Vantaa, Finland) and these data were used to calculate actual and 
saturation vapor pressures. VPD was calculated by subtracting the 
actual vapor pressure of the air from the saturated vapor pressure.

2.3  |  Statistical analysis

The relationship between VPD, soil moisture, and GDD for three 
different stages of the summer (early summer: June, peak summer: 
July, and late summer: August) was assessed using regressions and 
mixed-effect models including site as random effect (Bates, 2010). 
These analyses were carried out for the three summer periods, given 
that shifting dynamics and phenological development of vegetation 
might mask the impact of temperature and soil moisture when the 
carbon balance is modeled for the entire summer season. The inclu-
sion of “site” as a random effect in the mixed models allowed us to 

test the consistency between the results once accounting for the 
site-to-site variability and prevented potential artifacts arising from 
pseudo-replication. To evaluate the sensitivity of NEE, GPP, and ER 
to GDD, we employed both linear and third-degree polynomial mod-
els. A third-degree polynomial model was used as it is more flexible 
than a second-degree polynomial model and able to capture more 
complex relationships. Linear and polynomial models were compared 
to evaluate the nature of the relationship between GDD and NEE, 
GPP, and ER and to identify a potential decrease in GPP at the high-
est GDD. This comparison was accomplished by an analysis of vari-
ance (ANOVA) and a Chi-square test. In the presentation of results, 
the polynomial model was used only when it statistically explained 
more of the variation than the linear model (Figure 2, Table 3). We 
also tested the performance of a mixed effect model including “year” 
of measurement, and “site” as continuous and categorical random 
effects, respectively, to account for the different sites measured in 
different years potentially affecting the NEE, GPP, ER, and GDD re-
lationships, and to account for the non-independence of the dataset 
(multiple points from the same sites in different years). Model per-
formance was evaluated based on the Akaike information criterion, 
on the marginal coefficient of determination (similar to the explana-
tory power of the linear models) for generalized mixed effects mod-
els as output by the “r.squaredGLMM” function within the “MuMIn” 
package in R (Johnson,  2014; Nakagawa & Schielzeth,  2013). As 
the model performance did not significantly improve when includ-
ing “year,” only “site” was included as a random effect in the mixed 
models (Tables  2–5). To evaluate the model performance, we also 
examined the standardized residuals using the plot(model) function 
in R to evaluate that the assumption of normally distributed model 
residuals was met. All analyses were carried out in R version 4.2.0 (R 
Core Team, 2022).

To evaluate if average monthly VPD and soil moisture were as-
sociated with cumulative CO2 uptake (NEE), GPP, and ER for June, 
July, and August, we used a partial correlation analysis. Here the 
cumulative NEE, GPP, and ER were each modeled as a function of 
soil moisture and VPD considering GDD for each month separately. 
Partial correlation statistically eliminates the impact of other con-
trolling climate variables, which allowed us to evaluate the impact of 
soil moisture on GPP, NEE, or ER without the confounding effect of 
temperature (i.e., GDD). We also performed a similar partial correla-
tion analysis to test the relationships between the cumulative NEE, 
GPP, and ER, against soil moisture and VPD (statistically controlling 
for GDD) within a mixed effect model, including site as a random 
effect. We tested if the relationship between the monthly cumula-
tive GPP, NEE, and ER with GDD, and the relationship between GPP, 
NEE, and ER and soil moisture (once accounted for GDD) were dif-
ferent between vegetation classes (“graminoid and moss dominated” 
and “shrub dominated”).

We also used partial correlation analysis to test if accounting for 
soil moisture modified the relationship between GPP (or NEE) and 
GDD in July. We regressed the residuals of GPP (and NEE) with the 
residuals of GDD after removing the impact of soil moisture, and then 
tested again if a polynomial model explained data variability better 
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1272  |    ZONA et al.

than a linear model of GPP and GDD residuals. For this analysis, we 
selected the model based on the criteria previously listed to gener-
ate the residuals used for Figure 4 and Table 5. Specifically, vegetation 
type was included in the model to test the relationships between the 
residuals in NEE, GPP, ER, and soil moisture after removing the impact 
of GDD as shown in Figure 4, only when the interaction term between 
vegetation type and GDD was significant in explaining the variability 
in NEE, GPP, or ER, and, as mentioned previously, a polynomial fit was 
only used when significantly better than a linear fit.

3  |  RESULTS

The sites and years included in this study spanned a wide range of soil 
moisture conditions and summer GDD (Table 1). The average summer 

(June–August) soil moisture ranged from 31 ± 5% (mean ± 95% CI) 
at GL-ZaH to 66 ± 1% at US-ICh. GDD in June–August ranged from 
64 ± 23°C at US-Bes to 642 ± 25°C at RU-Che (Table 1). Across all the 
sites, GDD were significantly (and strongly) positively correlated with 
VPD (i.e., higher GDD produced higher average VPD) in all summer 
months in both linear regression and mixed-effects models (Table 2). 
GDD was significantly positively related to soil moisture in June, but 
not in July, and weakly negatively correlated to soil moisture in August. 
The results of the linear and mixed-effects model were similar for June 
and July, but in August the mixed model did not show a significant rela-
tionship between soil moisture and GDD (Table 2). The driest and cold-
est conditions were associated with the lowest GPP, lowest net CO2 
uptake, and ER fluxes, as shown by the lighter red points in Figure 2.

GDD was significantly related to NEE, GPP and ER in all months, 
but the percent of explained variance and the best model selected 

F I G U R E  2  Relationships between the (a,d,g) monthly cumulative net ecosystem exchange (NEE), (b,e,h) gross primary productivity (GPP), 
(c,f,i) ecosystem respiration (ER), and growing degree days (GDD), for the months of June, July, and August, for the indicated moisture levels 
(grey dots indicates sites/years with no soil moisture available). Linear models were used when a polynomial fit was not significantly better 
as estimated by an ANOVA between the two models. The statistics of these relationships are included in Table 3. Negative values in NEE 
indicate a CO2 uptake by the ecosystems.
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    |  1273ZONA et al.

varied. Relationships with GDD were poorer for NEE than for GPP 
and ER. Polynomial relationships outperformed linear models for 
GPP and ER in June, and for NEE and GPP in July. In late summer 

(August), polynomial models were not significantly better than the 
linear models for any flux. The interaction term between vegetation 
type and GDD was only significant in explaining the variability in 
GPP in June, not significant in explaining the variability in NEE in 
any of the summer months, and always significant in explaining the 
variability in ER (in June–August, Table 4). When site was included as 
a random effect in the mixed-effects models (Figure S1), the interac-
tion term between vegetation type and GDD was never significant 
(Table 4). GPP and ER tended to increase with higher temperatures 
(i.e., GDD), and shrub ecosystems showed a steeper increase with an 
increase in GDD than moss and graminoid-dominated ecosystems 
during all the summer months (Figure 3g–i, Table 4). GPP plateaued 
or slightly declined when GDD exceeded ~175°C and 250°C in June 
and July, respectively, (Figure 3b,e), and this decrease was consistent 
in both the moss and graminoids-dominated and shrub-dominated 
ecosystems in July (Figure 3e).

The partial correlation analysis showed that when statistically 
controlling for GDD, VPD was not significantly related to GPP, NEE, 
and ER in any of the summer months (data not shown). The coef-
ficients of the partial correlations between GPP and soil moisture 
(accounting for GDD) were positive in all summer months (i.e., higher 
plant productivity with higher soil moisture, Table 5). The correlation 

TA B L E  2  Pearson correlation coefficients (r) and coefficient 
of determination (R2) for the linear model, and R2

m for the mixed 
effect model (including site as a random effect) for the relationships 
between the monthly growing degree day (GDD), the average 
monthly vapor pressure deficit (VPD), the average monthly soil 
moisture, for the indicated months

GDD

June July August

VPD r = .91 r = .87 r = .73

R2 = .83 R2 = .77 R2 = .52

p < .001 p < .001 p < .001

R2
m = .72 R2

m = .77 R2
m = .52

p < .001 p < .001 p < .001

Soil moisture r = .36 n.s. r = −.35

R2 = .13 R2 = .12

p = .0018 p = .0020

R2
m = .12 n.s. n.s.

p = .011

GDD

June July August

NEE Lm: R2 = .11 p < .001 Lm: R2 = .12 p < .001 Lm: R2 = .07 p = .0082

Poly: R2 = .14 p = .003 Poly*: R2 = .27 p < .001 Poly: R2 = .11 p = .010

Mem: R2
m = .18 p < .001 Mem: n.s. Mem: R2

m = .062 p = .019

GPP Lm: R2 = .31 p < .001 Lm: R2 = .40 p < .001 Lm: R2 = .36 p < .001

Poly*: R2 = .37 p < .001 Poly*: R2 = .49 p < .001 Poly: R2 = .38 p < .001

Mem: R2
m = .33 p < .001 Mem: R2

m = .11 p < .001 Mem: R2
m = .26 p < .001

ER Lm: R2 = .35 p < .001 Lm: R2 = .45 p < .001 Lm: R2 = .46 p < .001

Poly*: R2 = .41 p < .001 Poly: R2 = .47 p < .001 Poly: R2 = .48 p < .001

Mem: R2
m = .32 p < .001 Mem: R2

m = .31 p < .001 Mem: R2
m = .32 p < .001

Abbreviations: ER, ecosystem respiration; GDD, growing degree days; GPP, gross primary 
productivity; NEE, net ecosystem exchange.

TA B L E  3  Statistics of the relationship 
between the cumulative monthly GPP, 
NEE, and ER and GDD for all sites using 
three different models: Linear model (Lm), 
a third-degree polynomial model (Poly), 
and a mixed-effect model including site 
as random effect (Mem). An asterisk is 
included (*) if the polynomial model was 
significantly different (p < .05) than a 
linear model as assessed from an ANOVA 
and a Chi-square test between the two 
models

TA B L E  4  Statistics of the interaction term between GDD and vegetation type (a linear model was used if not significantly different from 
polynomial or polynomial if significantly better than linear for a p ≤ .05); the p-values of the interaction term between vegetation type and 
GDD were estimated for each of the months separately for the indicated models (Lm-linear mode, Poly: third-order polynomial), and for the 
mixed-effect models (Mem) which included site as random effect

GDD

June July August

NEE Vegetation type*GDD: Lm: p = .73 Vegetation type*GDD: Poly: p = .081 Vegetation type*GDD: Lm: p = .088

Mem: p = .74 Mem: p = .73 Mem: p = .16

GPP Vegetation type*GDD: Poly: p = .015 Vegetation type*GDD: Poly: p = .92 Vegetation type*GDD: Lm: p = .33

Mem: p = .64 Mem: p = .73 Mem: p = .24

ER Vegetation type*GDD: Poly: p < .001 Vegetation type*GDD: Lm: p = .038 Vegetation type*GDD: Lm: p = .047

Mem: p = .12 Mem: p = .90 Mem: p = .86

Abbreviations: ER, ecosystem respiration; GDD, growing degree days; GPP, gross primary productivity; NEE, net ecosystem exchange.
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1274  |    ZONA et al.

between NEE and soil moisture was significant (and negative) in June 
and July (i.e., more net CO2 uptake with higher soil moisture), but not 
significant in August (Table 5). The partial correlation between ER 
and soil moisture was not significant in any of the summer months 
for both the linear and mixed effect models (Table 5). The explan-
atory power (R2) of the linear and mixed effect models testing the 
relationships between GPP (or NEE) and soil moisture were low (less 
than 30%), with generally lower explanatory power for the mixed-
effect models compared to the linear models (Table 5). After remov-
ing the influence of soil moisture on the GPP vs GDD relationship 
(e.g., by regressing the residuals of both the correlation between 
GPP and soil moisture, and GDD and soil moisture), there was only a 
marginally significant difference between the polynomial and linear 
models explaining the relationship between the residuals of GPP and 
the residuals of GDD in the partial correlation analysis (p =  .054). 
Additionally, there was no significant difference between the poly-
nomial and linear models in explaining the relationship between the 
residuals of the NEE and soil moisture relationship and the residuals 
of GDD and soil moisture in the partial correlation analysis (p = .55).

4  |  DISCUSSION

As expected, VPD and GDD were strongly correlated in all summer 
months, given that atmospheric warming and drying are associated 
with each other through the non-linear increase in saturation vapor 
pressure with air temperature. The relationship between GDD and 
soil moisture was more complex. The positive correlation between 
GDD and soil moisture in June (i.e., wetter soils with warmer condi-
tions) was likely due to the progressive snow melt and soil thawing 
at the beginning of the summer. This interpretation is supported by 

the significant relationship between the end of the snow melt pe-
riod and soil moisture only in June, and not significant in July and 
August (Zona et al.,  2022), when the active layer approaches its 
maximum depth. The non-significant relationship between GDD and 
soil moisture in July and August in the mixed effect model suggests 
the lack of a consistent response of the peak and late season soil 
moisture to GDD among sites. Soil drying is limited by the increase in 
bulk surface resistance to evapotranspiration with increased VPD-
driven (increasing with higher temperatures) stomatal closure (Grant 
et al., 2015). The drying of the moss surface in peak summer in wet 
tundra further limits the ability to transfer moisture from the soil 
(Liljedahl et al., 2011). Overall, the impact of soil moisture on both 
GPP, and NEE was the highest during the peak season, and is con-
sistent with a decrease in GPP, and net carbon uptake at the highest 
GDD in July. This potential peak summer soil moisture limitation is 
supported by the better performance of a polynomial than a linear 
fit explaining the relationship between GDD and both GPP and NEE 
in July. The polynomial fit was able to capture the increase in GPP 
with an increase in GDD until about 250°C for July, followed by the 
decrease in GPP at the highest GDD. Although including site as a 
random effect decreased the explanatory power of the model (as 
shown by the lower R2

m
 in July), the model retained its significance. 

The increase in GPP with GDD until ~250°C suggests that a moder-
ate warming is beneficial to tundra plants. However, a higher degree 
of warming might negatively affect the tundra vegetation as shown 
by the higher performance of the polynomial fit in explaining the 
relationship between GPP and GDD in July. The decrease in plant 
productivity at the sites subjected to the warmest conditions was 
also observed in the mixed effect model, once accounting for site-
to-site variability. This result is consistent with a non-linear response 
of photosynthesis to temperature in Arctic ecosystems (Ackerman 

Soil moisture (controlling for GDD)

June July August

NEE (controlling for 
GDD)

r = −.40 r = −.54 r = −.14

R2 = .16 R2 = .29 R2 = .02

p < .001 p < .001 p = .22

R2
m = .12 R2

m = .13 R2
m = 0

p = .012 p = .023 p = 0

GPP (controlling for 
GDD)

r = .31 r = .47 r = .34

R2 = .10 R2 = .22 R2 = .12

p = .0068 p < .001 p = .0031

R2
m = .039 R2

m = .062 R2
m = .0089

p = .0024 p = .094 p = .57

ER (controlling for GDD) r = .18 r = −.068 r = .17

R2 = .033 R2 = .0046 R2 = .029

p = .12 p = .57 p = .15

R2
m = .023 R2

m = .028 R2
m = .004

p = .19 p = .33 p = .71

Abbreviations: ER, ecosystem respiration; GDD, growing degree days; GPP, gross primary 
productivity; NEE, net ecosystem exchange.

TA B L E  5  Statistics of the partial 
correlation analysis between the indicated 
variables statistically accounting for GDD, 
using the model selected based on the 
results of Tables 3 and 4 (i.e., a polynomial 
model only if significantly better than 
a linear one, and including vegetation 
type only if the interaction term of 
GDD*vegetation type was significant 
for a p ≤ .05) to generated the residuals 
in GPP, NEE, and ER then used in the 
partial correlations between the indicated 
variables. Included are the R2 of the 
linear model of the residuals in the NEE, 
GPP, and ER and soil moisture controlling 
for GDD, and a mixed-effect model 
R2

m including site as a random effect to 
account for the site-to-site variability
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    |  1275ZONA et al.

et al., 2017; Piao et al., 2014). In particular, only sites exposed to the 
highest GDD (i.e., GDD higher than 250°C) showed a plateau (or a 
negative slope) in the GPP and GDD relationship (Figure S1).

The similar decrease in GPP with GDD above ~250°C in both 
moss and graminoid-dominated and shrub-dominated ecosystems in 
July was surprising. We expected GPP to decrease at the highest 
GDD only in the ecosystems dominated by mosses. In fact, desic-
cation associated with warming limits photosynthetic CO2 uptake 
in poikilohydric plants, which includes mosses (Oberbauer et al., 
2007; Van Wijk et al., 2004; Yang et al., 2018), given their lack of 
rooting system. Warming has been generally associated with a re-
duction in biomass accumulation in mosses, but with an increase in 
shrubs (Bao et al., 2022). The rooting system of shrubs allows them 
to access water in deeper soil layers making them physiologically 
better adapted to drier soils (Cahoon et al., 2016). However, a higher 
intensity of warming (by 1.51°C) has been shown to enhance the 

abundance of shrubs and graminoids by half as much (10% vs. 20%) 
than a lower warming intensity (by 1.04°C) (Bao et al., 2022) suggest-
ing that moisture stress can also affect vascular plants' productivity. 
Decreases in soil moisture have been found to limit shrub expansion 
and growth (Boulanger-Lapointe et al., 2014; Naito & Cairns, 2011). 
Moreover, both leaf area and leaf nitrogen content have been found 
to decrease with temperature in drier tundra ecosystems (Bjorkman 
et al., 2018; Grant et al., 2015). Shrub growth is more sensitive to 
temperature in wetter vs. drier sites (Ackerman et al., 2017; Myers-
Smith et al., 2015). Moisture limitation can decrease shrub growth, 
recruitment, and abundance (Ackerman et al.,  2017; Elmendorf 
et al.,  2012; Li et al.,  2016; Myers-Smith et al.,  2015). Our results 
suggest that even if physiologically better adapted to drier soils, 
shrub-dominated ecosystems can experience a limitation in their 
photosynthetic carbon uptake with warming and drying, which is 
most evident during peak season.

F I G U R E  3  Relationships between the (a,d,g) monthly cumulative net ecosystem exchange (NEE), (b,e,h) gross primary productivity (GPP), 
(c,f,i) ecosystem respiration (ER), and growing degree days (GDD), for the months of June, July, and August, for the two indicated ecosystem 
types. The significance in the interaction term between GDD and vegetation type for each of the months and flux component is included in 
Table 4.
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1276  |    ZONA et al.

Confirming our last prediction, the increase in ER with increase in 
GDD was always steeper in shrub-dominated ecosystems, consistent 
with the higher sensitivity of drier ecosystems to warming (Hodkinson 
et al., 1999; Oberbauer et al., 2007). The higher soil aeration in the 
drier shrub-dominated ecosystems stimulates ER and decomposition 
(Grant et al., 2015; Oberbauer et al., 2007). Shrub-dominated ecosys-
tems showed a lower ER at lower GDD, consistent with the less pro-
nounced effects of moisture on metabolism at lower temperatures 
(Fischer, 1995; Fischer & Bienkowski, 1987), and possibly related to 
the lower plant productivity and lower plant biomass under drier and 
colder conditions. Overall, both tundra vegetation types remained a 
summer carbon sink because GPP increased more than respiration 
with GDD, opposite to what Parmentier et al. (2011) found.

The importance of soil moisture for the response of tundra eco-
systems to warming is consistent with the dominant role of water 

availability on plant growth across different tundra ecosystem types 
(Bjorkman et al., 2018; Hodkinson et al., 1999). The significant re-
lationships between soil moisture and both NEE and GPP in the 
partial correlation analysis (after controlling for GDD) and in the 
mixed effect model in June and July emerged from different eco-
system processes occurring in the early and peak summer. In June, 
soil moisture is low mostly due to soil water still being frozen, as 
previously described. Warmer conditions, co-occurring with in-
creased soil moisture, activate the vegetation, increasing GPP, and 
net CO2 uptake. The significant partial correlations of soil moisture 
with GPP (or NEE) in the peak summer suggest that the decrease 
in GPP at the highest GDD might be due to soil moisture limitation 
in July. The potential role of soil water limitation in explaining the 
plateau (or slight decrease) in the GPP and GDD relationship at the 
highest GDD is supported by the partial correlation analysis. After 

F I G U R E  4  Partial correlation between the (a,d,g) monthly cumulative net ecosystem exchange (NEE), (b,e,h) gross primary productivity 
(GPP), (c,f,i) ecosystem respiration (ER), and the average monthly soil moisture, while statistically controlling for growing degree days (GDD) 
for the months of June, July, and August. The interaction term between vegetation type and GDD was included in the partial correlation 
model to generate the residual displayed here only when significant as reported in Table 4. The statistics of the relationships displayed in 
these panels are presented in Table 5.
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    |  1277ZONA et al.

removing the impact of soil moisture, the polynomial model (which 
can capture the plateau in the GPP/GDD relationship) was only mar-
ginally significantly better than a linear model. A similar result was 
observed for NEE. Once removing the impact of soil moisture, the 
polynomial model was not significantly better than a linear model in 
explaining the relationship between the residuals of NEE and GDD. 
Overall, these results suggest that soil moisture limits the increase 
in GPP (and the net CO2 uptake) at the highest GDD across very dif-
ferent vegetation types. Beyond the site scale, drier conditions have 
been associated with the lack of a positive trend in the minimum late 
summer atmospheric [CO2] (a proxy of photosynthetic CO2 uptake) 
in northern ecosystems since the 1990 s (Angert et al., 2005). This 
finding is consistent with the observed decrease in the net CO2 up-
take with drainage in other tundra ecosystems (Kittler et al., 2017; 
Pegoraro et al., 2021). Snow melt date and soil moisture in July are 
not correlated (Zona et al., 2022), suggesting that the peak summer 
soil moisture was not substantially influenced by the timing of sea-
sonal soil thawing.

In late summer, soil moisture was generally not significant in 
explaining NEE, and GPP after accounting for GDD in the partial 
correlation analysis, as the onset of senescence might decrease 
the water demand from vegetation. At this time of the year, other 
environmental factors, such as temperature and light, may become 
more important than soil moisture in limiting plant growth in these 
northern ecosystems (Starr et al., 2008). We found that in August 
the explained variance for the relationship between GDD and GPP 
(or NEE) was similar between the polynomial model and the linear 
model, suggesting that soil moisture did not limit plant productivity 
and net CO2 sequestration during this time of year. Some studies 
have suggested that warmer conditions do not affect plant growth 
during the late season as the photoperiod is the dominant control 
on phenology at the end of the growing season in the high-Arctic 
(e.g., Arft et al., 1999), while others show the opposite (e.g., Kittler 
et al., 2017) and suggest that warmer temperatures can delay plant 
senescence (Marchand et al., 2004; Zeng et al., 2011). Our previous 
analysis across these same sites (Zona et al., 2022) showed that air 
temperature was generally less important in August than in June and 
July, while solar radiation retained similar importance in explaining 
the variability in GPP during all the stages of the growing season. 
Importantly, GDD was rarely above 250°C in August so that excess 
heat and associated moisture limitation were not likely driving GPP 
down, consistent with the similar explanatory power of the polyno-
mial and linear models in late season.

The non-significant partial correlations between NEE and VPD 
and between GPP and VPD (after accounting for GDD) suggest a 
lack of atmospheric moisture limitation on plant productivity and 
net CO2 uptake across these tundra ecosystems. These results 
are consistent with a similar partial correlation analysis by Wang 
et al.  (2018), testing the temporal changes of NDVI and showing 
a positive or non-significant partial correlation with VPD when 
the data were statistically controlled for the effect of mean sum-
mer temperature. On the other hand, stomatal closure of vascular 
plants at high temperature and VPD has been shown to limit tundra 

carbon uptake (Grant et al., 2015; Williams et al., 2000). The lack of 
a significant association between VPD and GPP, or NEE in the par-
tial correlation analysis might be the result of the strong correlation 
between air temperature (i.e., GDD) and VPD. Once accounting for 
GDD in the partial correlation analysis, the residual variation in GPP 
or NEE was not significantly explained by VPD. Such challenges in 
ranking strongly co-varying environmental controls in observational 
studies have been recognized before (Zona et al., 2009).

Most ecosystem models do not capture the recent decrease 
in the sensitivity of plant productivity to temperature in northern 
ecosystems (Piao et al., 2014; Wang et al., 2018). The non-linear re-
sponses of NEE and GPP to GDD found in our study reinforce the hy-
pothesis that northern tundra ecosystems' responses to temperature 
can be limited by reduced soil moisture. It has been suggested that 
the role of soil moisture has been underestimated in the Arctic and 
alpine systems (le Roux et al., 2013). Our results and others (Angert 
et al.,  2005; Feng et al.,  2021; Gonsamo et al.,  2019) support this 
view. Therefore, soil moisture limitation to plant growth and net car-
bon sequestration should be given greater consideration when mod-
eling the response of northern ecosystems to global warming. This 
is critical when projecting future tundra greening/browning trends: 
models must accurately incorporate the combined non-linear effects 
of temperature and soil moisture on productivity to correctly capture 
the sign and magnitude of Arctic carbon balance. The sparsity of con-
tinuous flux data from these high-latitude ecosystems was the main 
challenge we faced when performing our study and harmonizing the 
datasets, together with the challenges in partitioning the fluxes with 
large gaps in the meteorological datasets. The Arctic research com-
munity should attempt to include additional sites in a wider range of 
vegetation types over continuous permafrost (Pallandt et al., 2022), 
improve coverage of the soil moisture data, and extend the sampling 
to cold periods to improve an overall estimate of the year-round re-
sponse of ecosystems to warmer temperature.

ACKNOWLEDG MENTS
This work was funded by the Office of Polar Programs of the 
National Science Foundation (NSF) awarded to DZ, WCO (award 
number 1702797 and 1932900) with additional logistical sup-
port funded by the NSF Office of Polar Programs, and by the 
Carbon in Arctic Reservoirs Vulnerability Experiment (CARVE), 
an Earth Ventures (EV-1) investigation, under contract with the 
National Aeronautics and Space Administration, and by the ABoVE 
(NNX15AT74A; NNX16AF94A) Program. The Alaskan sites are lo-
cated on land owned by the Ukpeagvik Inupiat Corporation (UIC). 
This project has received funding from the European Union's 
Horizon 2020 research and innovation program under grant 
agreement No. 727890, from the Natural Environment Research 
Council (NERC) UAMS Grant (NE/P002552/1), and from the 
NOAA Cooperative Science Center for Earth System Sciences 
and Remote Sensing Technologies (NOAA-CESSRST) under the 
Cooperative Agreement Grant # NA16SEC4810008. The com-
plete list of funding bodies that supported this study is included 
in Data S1.

 13652486, 2023, 5, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/gcb.16487, W

iley O
nline L

ibrary on [18/05/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense



1278  |    ZONA et al.

DATA AVAIL ABILIT Y S TATEMENT
The eddy covariance data from RU-Che, RU-Cok, and GL-ZaH (previ-
ously named DK-ZaH), CA-DL1, were obtained from the European 
Fluxes Database (http://www.europ​e-fuxda​ta.eu/home), from the 
Amerifux Database (http://ameri​fux.lbl.gov/), with some updated 
versions provided directly by the principal investigators of each site 
(e.g., the data from GL-ZaH are also available on: https://data.g-e-
m.dk). The data from US-ICh and;US-ICs are stored in the http://
aon.iab.uaf.edu/data_access. US-Bes, US-Atq, US-Ivo are stored 
in the Arctic Data Center (Donatella Zona. 2022. Greenhouse gas 
flux measurements at the zero curtain, North Slope, Alaska, 2012-
2022. Arctic Data Center. doi:10.18739/A20Z70Z1H, version: 
urn:uuid:38b9ea29-67ba-4d52-827d-922cbb8e0168).

ORCID
Donatella Zona   https://orcid.org/0000-0002-0003-4839 
Peter M. Lafleur   https://orcid.org/0000-0003-0347-9128 
Beniamino Gioli   https://orcid.org/0000-0001-7631-2623 
George Burba   https://orcid.org/0000-0003-2095-0057 
Mathias Göckede   https://orcid.org/0000-0003-2833-8401 
David Holl   https://orcid.org/0000-0002-9269-7030 

R E FE R E N C E S
Ackerman, D., Griffin, D., Hobbie, S. E., & Finlay, J. C. (2017). Arctic shrub 

growth trajectories differ across soil moisture levels. Global Change 
Biology, 23(10), 4294–4302. https://doi.org/10.1111/gcb.13677

Angert, A., Biraud, S., Bonfils, C., Henning, C. C., Buermann, W., Pinzon, 
J., Tucker, C. J., & Fung, I. (2005). Drier summers cancel out the 
CO2 uptake enhancement induced by warmer springs. Proceedings 
of the National Academy of Sciences of the United States of America, 
102(31), 10823–10827. https://doi.org/10.1073/pnas.05016​
47102

Arft, A. M., Walker, M. D., Gurevitch, J., Alatalo, J. M., Bret-Harte, M. 
S., Dale, M., Diemer, M., Gugerli, F., Henry, G. H. R., Jones, M. H., 
Hollister, R. D., Jónsdóttir, I. S., Laine, K., Lévesque, E., Marion, G. 
M., Molau, U., Mølgaard, P., Nordenhäll, U., Raszhivin, V., … Wookey, 
P. A. (1999). Responses of tundra plants to experimental warming: 
Meta-analysis of the international tundra experiment. Ecological 
Monographs, 69(4), 491–511. https://doi.org/10.2307/2657227

Bao, T., Jia, G., & Xu, X. (2022). Warming enhances dominance of vascular 
plants over cryptogams across northern wetlands. Global Change 
Biology, 28(13), 4097–4109. https://doi.org/10.1111/gcb.16182

Bates, D. (2010). Lme4: Mixed-effects modeling with R.
Berner, L. T., Massey, R., Jantz, P., Forbes, B. C., Macias-Fauria, M., Myers-

Smith, I., Kumpula, T., Gauthier, G., Andreu-Hayles, L., Gaglioti, 
B. V., Burns, P., Zetterberg, P., D'Arrigo, R., & Goetz, S. J. (2020). 
Summer warming explains widespread but not uniform greening in 
the Arctic tundra biome. Nature Communications, 11, 4621. https://
doi.org/10.1038/s4146​7-020-18479​-5

Bjorkman, A. D., Myers-Smith, I. H., Elmendorf, S. C., Normand, S., Rüger, 
N., Beck, P. S. A., Blach-Overgaard, A., Blok, D., Cornelissen, J. H. 
C., Forbes, B. C., Georges, D., Goetz, S. J., Guay, K. C., Henry, G. 
H. R., HilleRisLambers, J., Hollister, R. D., Karger, D. N., Kattge, 
J., Manning, P., … Weiher, E. (2018). Plant functional trait change 
across a warming tundra biome. Nature, 562(7725), 57–62. https://
doi.org/10.1038/s4158​6-018-0563-7

Boike, J., Kattenstroth, B., Abramova, K., Bornemann, N., Chetverova, 
A., Fedorova, I., Fröb, K., Grigoriev, M., Grüber, M., Kutzbach, L., 
Langer, M., Minke, M., Muster, S., Piel, K., Pfeiffer, E. M., Stoof, G., 
Westermann, S., Wischnewski, K., Wille, C., & Hubberten, H. W. 
(2013). Baseline characteristics of climate, permafrost and land 

cover from a new permafrost observatory in the Lena River Delta, 
Siberia (1998-2011). Biogeosciences, 10(3), 2105–2128.

Boike, J., Nitzbon, J., Anders, K., Grigoriev, M., Bolshiyanov, D., Langer, 
M., Lange, S., Bornemann, N., Morgenstern, A., Schreiber, P., Wille, 
C., Chadburn, S., Gouttevin, I., Burke, E., & Kutzbach, L. (2019). A 
16-year record (2002–2017) of permafrost, active-layer, and me-
teorological conditions at the Samoylov Island Arctic permafrost 
research site, Lena River delta, northern Siberia: An opportunity to 
validate remote-sensing data and land surface, snow, and perma-
frost models. Earth System Science Data, 11, 261–299. https://doi.
org/10.5194/essd-11-261-2019

Boulanger-Lapointe, N., Lévesque, E., Boudreau, S., Henry, G. H. R., & 
Schmidt, N. M. (2014). Population structure and dynamics of Arctic 
willow (Salix arctica) in the high Arctic. Journal of Biogeography, 
41(10), 1967–1978. https://doi.org/10.1111/jbi.12350

Bring, A., Fedorova, I., Dibike, Y., Hinzman, L., Mård, J., Mernild, S. H., 
Prowse, T., Semenova, O., Stuefer, S. L., & Woo, M.-K. (2016). Arctic 
terrestrial hydrology: A synthesis of processes, regional effects, and 
research challenges. Journal of Geophysical Research: Biogeosciences, 
121(3), 621–649. https://doi.org/10.1002/2015J​G003131

Cahoon, S. M. P., Sullivan, P. F., & Post, E. (2016). Carbon and water 
relations of contrasting Arctic plants: Implications for shrub ex-
pansion in West Greenland. Ecosphere, 7(4), e01245. https://doi.
org/10.1002/ecs2.1245

Dahl, M. B., Priemé, A., Brejnrod, A., Brusvang, P., Lund, M., Nymand, J., 
Kramshøj, M., Ro-Poulsen, H., & Haugwitz, M. S. (2017). Warming, 
shading and a moth outbreak reduce tundra carbon sink strength dra-
matically by changing plant cover and soil microbial activity. Scientific 
Reports, 7, 16035. https://doi.org/10.1038/s4159​8-017-16007​-y

Davidson, S. J., Sloan, V. L., Phoenix, G. K., Wagner, R., Fisher, J. P., 
Oechel, W. C., & Zona, D. (2016). Vegetation type dominates the 
spatial variability in CH4 emissions across multiple Arctic tundra 
landscapes. Ecosystems, 19(6), 1116–1132.

de Vrese, P., Georgievski, G., Gonzalez Rouco, J. F., Notz, D., Stacke, T., 
Steinert, N. J., Wilkenskjeld, S., & Brovkin, V. (2022). Representation 
of soil hydrology in permafrost regions may explain large part of 
inter-model spread in simulated Arctic and subarctic climate. The 
Cryosphere Discuss, 2022, 1–47. https://doi.org/10.5194/tc-2022-150

Elmendorf, S. C., Henry, G. H., Hollister, R. D., Björk, R. G., Bjorkman, 
A. D., Callaghan, T. V., Collier, L. S., Cooper, E. J., Cornelissen, J. H. 
C., Day, T. A., Fosaa, A. M., Gould, W. A., Grétarsdóttir, J., Harte, 
J., Hermanutz, L., Hik, D. S., Hofgaard, A., Jarrad, F., Jónsdóttir, 
I. S., … Wookey, P. A. (2012). Global assessment of experimental 
climate warming on tundra vegetation: Heterogeneity over space 
and time. Ecology Letters, 15(2), 164–175. https://doi.org/10.1111/
j.1461-0248.2011.​01716.x

Euskirchen, E. S., Bret-Harte, M. S., Shaver, G. R., Edgar, C. W., & 
Romanovsky, V. E. (2017). Long-term release of carbon dioxide from 
Arctic tundra ecosystems in Alaska. Ecosystems, 20(5), 960–974.

Euskirchen, E. S., McGuire, A. D., Kicklighter, D. W., Zhuang, Q., Clein, 
J. S., Dargaville, R. J., Dye, D. G., Kimball, J. S., McDonald, K. C., 
Melillo, J. M., Romanovsky, V. E., & Smith, N. V. (2006). Importance 
of recent shifts in soil thermal dynamics on growing season length, 
productivity, and carbon sequestration in terrestrial high-latitude 
ecosystems. Global Change Biology, 12(4), 731–750.

Feng, X., Fu, B., Zhang, Y., Pan, N., Zeng, Z., Tian, H., Lyu, Y., Chen, Y., 
Ciais, P., Wang, Y., Zhang, L., Cheng, L., Maestre, F. T., Fernández-
Martínez, M., Sardans, J., & Peñuelas, J. (2021). Recent leveling off of 
vegetation greenness and primary production reveals the increas-
ing soil water limitations on the greening earth. Science Bulletin, 
66(14), 1462–1471. https://doi.org/10.1016/j.scib.2021.02.023

Fischer, Z. (1995). The effect of temperature and moisture on the rate of 
soil metabolism. Ekologia Polska, 43, 193–203.

Fischer, Z., & Bienkowski, P. (1987). The effect of temperature on oxygen-
consumption by arctic soil of the fiord Hornsund (Spitsbergen) re-
gion. Ekologia Polska, 35, 159–171.

 13652486, 2023, 5, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/gcb.16487, W

iley O
nline L

ibrary on [18/05/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

http://www.europe-fuxdata.eu/home
http://amerifux.lbl.gov/
https://data.g-e-m.dk
https://data.g-e-m.dk
http://aon.iab.uaf.edu/data_access
http://aon.iab.uaf.edu/data_access
https://orcid.org/0000-0002-0003-4839
https://orcid.org/0000-0002-0003-4839
https://orcid.org/0000-0003-0347-9128
https://orcid.org/0000-0003-0347-9128
https://orcid.org/0000-0001-7631-2623
https://orcid.org/0000-0001-7631-2623
https://orcid.org/0000-0003-2095-0057
https://orcid.org/0000-0003-2095-0057
https://orcid.org/0000-0003-2833-8401
https://orcid.org/0000-0003-2833-8401
https://orcid.org/0000-0002-9269-7030
https://orcid.org/0000-0002-9269-7030
https://doi.org/10.1111/gcb.13677
https://doi.org/10.1073/pnas.0501647102
https://doi.org/10.1073/pnas.0501647102
https://doi.org/10.2307/2657227
https://doi.org/10.1111/gcb.16182
https://doi.org/10.1038/s41467-020-18479-5
https://doi.org/10.1038/s41467-020-18479-5
https://doi.org/10.1038/s41586-018-0563-7
https://doi.org/10.1038/s41586-018-0563-7
https://doi.org/10.5194/essd-11-261-2019
https://doi.org/10.5194/essd-11-261-2019
https://doi.org/10.1111/jbi.12350
https://doi.org/10.1002/2015JG003131
https://doi.org/10.1002/ecs2.1245
https://doi.org/10.1002/ecs2.1245
https://doi.org/10.1038/s41598-017-16007-y
https://doi.org/10.5194/tc-2022-150
https://doi.org/10.1111/j.1461-0248.2011.01716.x
https://doi.org/10.1111/j.1461-0248.2011.01716.x
https://doi.org/10.1016/j.scib.2021.02.023


    |  1279ZONA et al.

Göckede, M., Kwon, M. J., Kittler, F., Heimann, M., Zimov, N., & Zimov, S. 
(2019). Negative feedback processes following drainage slow down 
permafrost degradation. Global Change Biology, 2019(25), 3254–
3266. https://doi.org/10.1111/gcb.14744

Gonsamo, A., Ter-Mikaelian, M. T., Chen, J. M., & Chen, J. (2019). Does 
earlier and increased spring plant growth Lead to reduced summer 
soil moisture and plant growth on landscapes typical of tundra-
taiga Interface? Remote Sensing, 11, 1989. https://doi.org/10.3390/
rs111​71989

Goodrich, J. P., Oechel, W. C., Gioli, B., Moreaux, V., Murphy, P. C., Burba, 
G., & Zona, D. (2016). Impact of different eddy covariance sensors, 
site set-up, and maintenance on the annual balance of CO2 and CH4 
in the harsh Arctic environment. Agricultural and Forest Meteorology, 
228-229, 239–251.

Grant, R. F., Humphreys, E. R., & Lafleur, P. M. (2015). Ecosystem CO2 and 
CH4 exchange in a mixed tundra and a fen within a hydrologically 
diverse Arctic landscape: 2. Modeled impacts of climate change. 
Journal of Geophysical Research: Biogeosciences, 120(7), 1388–1406. 
https://doi.org/10.1002/2014J​G002889

Guay, K. C., Beck, P. S. A., Berner, L. T., Goetz, S. J., Baccini, A., & Buermann, 
W. (2014). Vegetation productivity patterns at high northern lat-
itudes: A multi-sensor satellite data assessment. Global Change 
Biology, 20(10), 3147–3158. https://doi.org/10.1111/gcb.12647

Helbig, M., Wischnewski, K., Gosselin, G. H., Biraud, S. C., Bogoev, I., 
Chan, W. S., Euskirchen, E. S., Glenn, A. J., Marsh, P. M., Quinton, 
W. L., & Sonnentag, O. (2016). Addressing a systematic bias in car-
bon dioxide flux measurements with the EC150 and the IRGASON 
open-path gas analyzers. Agricultural and Forest Meteorology, 228-
229, 349–359. https://doi.org/10.1016/j.agrfo​rmet.2016.07.018

Hodkinson, I. D., Webb, N. R., Bale, J. S., & Block, W. (1999). Hydrology, 
water availability and tundra ecosystem function in a changing cli-
mate: the need for a closer integration of ideas? Global Change Biology, 
5(3), 359–369. https://doi.org/10.1046/j.1365-2486.1999.00229.x

Holl, D., Wille, C., Sachs, T., Schreiber, P., Runkle, B. R. K., Beckebanze, L., 
Langer, M., Boike, J., Pfeiffer, E.-M., Fedorova, I. V., Bolshiyanov, D. Y., 
Grigoriev, M. N., & Kutzbach, L. (2019). A long-term (2002 to 2017) 
record of closed-path and open-path eddy covariance CO2 net eco-
system exchange fluxes from the Siberian Arctic. Earth System Science 
Data, 11(1), 221–240. https://doi.org/10.5194/essd-11-221-2019

Humphreys, E. R., & Lafleur, P. M. (2011). Does earlier snowmelt lead 
to greater CO2 sequestration in two low Arctic tundra ecosys-
tems? Geophysical Research Letters, 38(9), L09703. https://doi.
org/10.1029/2011G​L047339

Johnson, P. C. D. (2014). Extension of Nakagawa & Schielzeth's R2GLMM 
to random slopes models. Methods in Ecology and Evolution, 5(9), 
944–946.

Kade, A., Bret-Harte, M. S., Euskirchen, E. S., Edgar, C., & Fulweber, R. 
A. (2012). Upscaling of CO2 fluxes from heterogeneous tundra 
plant communities in Arctic Alaska. Journal of Geophysical Research: 
Biogeosciences, 117(G4). https://doi.org/10.1029/2012J​G002065

Kemppinen, J., Niittynen, P., Virkkala, A.-M., Happonen, K., Riihimäki, 
H., Aalto, J., & Luoto, M. (2021). Dwarf shrubs impact tundra soils: 
Drier, colder, and less organic carbon. Ecosystems, 24(6), 1378–
1392. https://doi.org/10.1007/s10021-020-00589-2

Kittler, F., Heimann, M., Kolle, O., Zimov, N., Zimov, S., & Göckede, M. 
(2017). Long-term drainage reduces CO2 uptake and CH4 emissions 
in a Siberian permafrost ecosystem. Global Biogeochemical Cycles, 
31(12), 1704–1717. https://doi.org/10.1002/2017G​B005774

Körner, C. (2003). Alpine plant life: Functional plant ecology of high moun-
tain ecosystems (pp. 121–148). Springer-Verlag.

Kwon, M. J., Heimann, M., Kolle, O., Luus, K. A., Schuur, E. A. G., Zimov, 
N., Zimov, S., & Göckede, M. (2016). Long-term drainage reduces 
CO2 uptake and increases CO2 emission on a Siberian floodplain 
due to shifts in vegetation community and soil thermal character-
istics. Biogeosciences, 13(14), 4219–4235. https://doi.org/10.5194/
bg-13-4219-2016

Lafleur, P. M., & Humphreys, E. R. (2008). Spring warming and carbon 
dioxide exchange over low Arctic tundra in Central Canada. Global 
Change Biology, 14(4), 740–756.

Lasslop, G., Reichstein, M., Papale, D., Richardson, A. D., Arneth, A., Barr, 
A., Stoy, P., & Wohlfahrt, G. (2010). Separation of net ecosystem ex-
change into assimilation and respiration using a light response curve 
approach: Critical issues and global evaluation. Global Change Biology, 
16, 187–208. https://doi.org/10.1111/j.1365-2486.2009.02041.x

le Roux, P. C., Aalto, J., & Luoto, M. (2013). Soil moisture's underestimated 
role in climate change impact modelling in low-energy systems. 
Global Change Biology, 19, 2965–2975. https://doi.org/10.1111/
gcb.12286

Li, B., Heijmans, M. M. P. D., Berendse, F., Blok, D., Maximov, T., & Sass-
Klaassen, U. (2016). The role of summer precipitation and summer 
temperature in establishment and growth of dwarf shrub Betula 
nana in northeast Siberian tundra. Polar Biology, 39(7), 1245–1255. 
https://doi.org/10.1007/s0030​0-015-1847-0

Liljedahl, A. K., Hinzman, L. D., Harazono, Y., Zona, D., Tweedie, C. E., 
Hollister, R. D., Engstrom, R., & Oechel, W. C. (2011). Nonlinear 
controls on evapotranspiration in arctic coastal wetlands. 
Biogeosciences, 8(11), 3375–3389.

López-Blanco, E., Jackowicz-Korczynski, M., Mastepanov, M., Skov, 
K., Westergaard-Nielsen, A., Williams, M., & Christensen, T. R. 
(2020). Multi-year data-model evaluation reveals the importance 
of nutrient availability over climate in arctic ecosystem C dynam-
ics. Environmental Research Letters, 15(9), 094007. https://doi.
org/10.1088/1748-9326/ab865b

Lund, M., Falk, J. M., Friborg, T., Mbufong, H. N., Sigsgaard, C., Soegaard, 
H., & Tamstorf, M. P. (2012). Trends in CO2 exchange in a high 
Arctic tundra heath, 2000-2010. Journal of Geophysical Research-
Biogeosciences, 117, 12. https://doi.org/10.1029/2011j​g001901

Lupascu, M., Welker, J. M., Seibt, U., Maseyk, K., Xu, X., & Czimczik, C. I. 
(2014). High Arctic wetting reduces permafrost carbon feedbacks 
to climate warming. Nature Climate Change, 4, 51–55. https://doi.
org/10.1038/nclim​ate2058

Marchand, F. L., Nijs, I., Heuer, M., Mertens, S., Kockelbergh, F., 
Pontailler, J.-Y., Impens, I., & Beyens, L. (2004). Climate warming 
postpones senescence in high Arctic tundra. Arctic, Antarctic, and 
Alpine Research, 36(4), 390–394. https://doi.org/10.1657/1523-
0430(2004)036[0390:CWPSI​H]2.0.CO;2

Myers-Smith, I. H., Elmendorf, S. C., Beck, P. S. A., Wilmking, M., 
Hallinger, M., Blok, D., Tape, K. D., Rayback, S. A., Macias-Fauria, 
M., Forbes, B. C., Speed, J. D. M., Boulanger-Lapointe, N., Rixen, C., 
Lévesque, E., Schmidt, N. M., Baittinger, C., Trant, A. J., Hermanutz, 
L., Collier, L. S., … Vellend, M. (2015). Climate sensitivity of shrub 
growth across the tundra biome. Nature Climate Change, 5(9), 887–
891. https://doi.org/10.1038/nclim​ate2697

Myers-Smith I. H., Kerby, J. T., Phoenix, G. K., Bjerke, J. W., Epstein, H. E., 
Assmann, J. J., John, C., Andreu-Hayles, L., Angers-Blondin, S., Beck, 
P. S. A., Berner, L. T., Bhatt, U. S., Bjorkman, A. D., Blok, D., Bryn, A., 
Christiansen, C. T., Cornelissen, J. H. C., Cunliffe, A. M., Elmendorf, S. 
C., … Wipf, S. (2020). Complexity revealed in the greening of the Arctic. 
Nature Climate Change 10:106–117. https://doi.org/10.1038/s4155​
8-019-0688-1 (open access version: https://ecoev​orxiv.org/mzyjk/)

Myneni, R. B., Keeling, C. D., Tucker, C. J., Asrar, G., & Nemani, R. R. 
(1997). Increased plant growth in the northern high latitudes from 
1981 to 1991. Nature, 386(6626), 698–702.

Nabe-Nielsen, J., Normand, S., Hui, F. K. C., Stewart, L., Bay, C., Nabe-
Nielsen, L. I., & Schmidt, N. M. (2017). Plant community compo-
sition and species richness in the High Arctic tundra: From the 
present to the future. Ecology and Evolution, 7(23), 10233–10242. 
https://doi.org/10.1002/ece3.3496

Naito, A. T., & Cairns, D. M. (2011). Relationships between Arctic shrub 
dynamics and topographically derived hydrologic characteristics. 
Environmental Research Letters, 6(4), 045506. https://doi.org/10.10
88/1748-9326/6/4/045506

 13652486, 2023, 5, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/gcb.16487, W

iley O
nline L

ibrary on [18/05/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1111/gcb.14744
https://doi.org/10.3390/rs11171989
https://doi.org/10.3390/rs11171989
https://doi.org/10.1002/2014JG002889
https://doi.org/10.1111/gcb.12647
https://doi.org/10.1016/j.agrformet.2016.07.018
https://doi.org/10.1046/j.1365-2486.1999.00229.x
https://doi.org/10.5194/essd-11-221-2019
https://doi.org/10.1029/2011GL047339
https://doi.org/10.1029/2011GL047339
https://doi.org/10.1029/2012JG002065
https://doi.org/10.1007/s10021-020-00589-2
https://doi.org/10.1002/2017GB005774
https://doi.org/10.5194/bg-13-4219-2016
https://doi.org/10.5194/bg-13-4219-2016
https://doi.org/10.1111/j.1365-2486.2009.02041.x
https://doi.org/10.1111/gcb.12286
https://doi.org/10.1111/gcb.12286
https://doi.org/10.1007/s00300-015-1847-0
https://doi.org/10.1088/1748-9326/ab865b
https://doi.org/10.1088/1748-9326/ab865b
https://doi.org/10.1029/2011jg001901
https://doi.org/10.1038/nclimate2058
https://doi.org/10.1038/nclimate2058
https://doi.org/10.1657/1523-0430(2004)036%5B0390:CWPSIH%5D2.0.CO;2
https://doi.org/10.1657/1523-0430(2004)036%5B0390:CWPSIH%5D2.0.CO;2
https://doi.org/10.1038/nclimate2697
https://doi.org/10.1038/s41558-019-0688-1
https://doi.org/10.1038/s41558-019-0688-1
https://ecoevorxiv.org/mzyjk/
https://doi.org/10.1002/ece3.3496
https://doi.org/10.1088/1748-9326/6/4/045506
https://doi.org/10.1088/1748-9326/6/4/045506


1280  |    ZONA et al.

Nakagawa, S., & Schielzeth, H. (2013). A general and simple method 
for obtaining R2 from generalized linear mixed-effects mod-
els. Methods in Ecology and Evolution, 4(2), 133–142. https://doi.
org/10.1111/j.2041-210x.2012.00261.x

Nemani, R. R., Keeling, C. D., Hashimoto, H., Jolly, W. M., Piper, S. C., 
Tucker, C. J., Myneni, R. B., & Running, S. W. (2003). Climate-driven 
increases in global terrestrial net primary production from 1982 
to 1999. Science, 300(5625), 1560–1563. https://doi.org/10.1126/
scien​ce.1082750

Oberbauer, S. F., Tweedie, C. E., Welker, J. M., Fahnestock, J. T., 
Henry, G. H. R., Webber, P. J., Hollister, R. D., Walker, M. D., 
Kuchy, A., Elmore, E., & Starr, G. (2007). Tundra CO2 fluxes in 
response to experimental warming across latitudinal and mois-
ture gradients. Ecological Monographs, 77(2), 221–238. https://
doi.org/10.1890/06-0649

Pallandt, M. M. T. A., Kumar, J., Mauritz, M., Schuur, E. A. G., 
Virkkala, A. M., Celis, G., Hoffman, F. M., & Göckede, M. (2022). 
Representativeness assessment of the pan-Arctic eddy covariance 
site network and optimized future enhancements. Biogeosciences, 
19, 559–583.

Parmentier, F. J. W., van der Molen, M. K., van Huissteden, J., 
Karsanaev, S. A., Kononov, A. V., Suzdalov, D. A., Maximov, T. C., 
& Dolman, A. J. (2011). Longer growing seasons do not increase 
net carbon uptake in the northeastern Siberian tundra. Journal of 
Geophysical Research-Biogeosciences, 116, G04013. https://doi.
org/10.1029/2011J​G001653

Pastorello, G., Trotta, C., Canfora, E., Chu, H., Christianson, D., Cheah, Y. 
W., Poindexter, C., Chen, J., Elbashandy, A., Humphrey, M., Isaac, 
P., Polidori, D., Reichstein, M., Ribeca, A., van Ingen, C., Vuichard, 
N., Zhang, L., Amiro, B., Ammann, C., … Papale, D. (2020). The 
FLUXNET2015 dataset and the ONEFlux processing pipeline 
for eddy covariance data. Scientific Data, 7(1), 225. https://doi.
org/10.1038/s4159​7-020-0534-3

Pegoraro, E. F., Mauritz, M. E., Ogle, K., Ebert, C. H., & Schuur, E. A. 
G. (2021). Lower soil moisture and deep soil temperatures in 
thermokarst features increase old soil carbon loss after 10 years 
of experimental permafrost warming. Global Change Biology, 27(6), 
1293–1308. https://doi.org/10.1111/gcb.15481

Piao, S., Nan, H., Huntingford, C., Ciais, P., Friedlingstein, P., Sitch, S., 
Peng, S., Ahlström, A., Canadell, J. G., Cong, N., Levis, S., Levy, P. 
E., Liu, L., Lomas, M. R., Mao, J., Myneni, R. B., Peylin, P., Poulter, 
B., Shi, X., … Chen, A. (2014). Evidence for a weakening relation-
ship between interannual temperature variability and northern 
vegetation activity. Nature Communications, 5(1), 5018. https://doi.
org/10.1038/ncomm​s6018

R Core Team. (2022). R: A language and environment for statistical 
computing. R Foundation for Statistical Computing. https://www.​
R-proje​ct.org/

Reuss-Schmidt, K., Levy, P., Oechel, W., Tweedie, C., Wilson, C., & Zona, D. 
(2019). Understanding spatial variability of methane fluxes in Arctic 
wetlands through footprint modelling. Environmental Research Letters, 
14(12), 125010. https://doi.org/10.1088/1748-9326/ab4d32

Sachs, T., Giebels, M., Boike, J., & Kutzbach, L. (2010). Environmental 
controls on CH4 emission from polygonal tundra on the microsite 
scale in the Lena River delta, Siberia. Global Change Biology, 16(11), 
3096–3110.

Starr, G., Oberbauer, S. F., & Ahlquist, L. E. (2008). The photosynthetic 
response of Alaskan tundra plants to increased season length and 
soil warming. Arctic, Antarctic, and Alpine Research, 40(1), 181–191.

Ueyama, M., Iwata, H., Harazono, Y., Euskirchen, E. S., Oechel, W. C., & 
Zona, D. (2013). Growing season and spatial variations of carbon 
fluxes of Arctic and boreal ecosystems in Alaska (USA). Ecological 
Applications, 23(8), 1798–1816. https://doi.org/10.1890/11-0875.1

Van Wijk, M. T., Clemmensen, K. E., Shaver, G. R., Williams, M., 
Callaghan, T. V., Chapin, F. S., III, Cornelissen, J. H. C., Gough, L., 
Hobbie, S. E., Jonasson, S., Lee, J. A., Michelsen, A., Press, M. C., 

Richardson, S. J., & Rueth, H. (2004). Long-term ecosystem level ex-
periments at Toolik Lake, Alaska, and at Abisko, Northern Sweden: 
Generalizations and differences in ecosystem and plant type re-
sponses to global change. Global Change Biology, 10(1), 105–123. 
https://doi.org/10.1111/j.1365-2486.2003.00719.x

Walker, D. A., Raynolds, M. K., Daniëls, F. J. A., Einarsson, E., Elvebakk, A., 
Gould, W. A., Katenin, A. E., Kholod, S. S., Markon, C. J., Melnikov, 
E. S., Moskalenko, N. G., Talbot, S. S., Yurtsev, B. A., & The other 
members of the CAVM Team. (2005). The circumpolar Arctic veg-
etation map. Journal of Vegetation Science, 16(3), 267–282. https://
doi.org/10.1111/j.1654-1103.2005.tb023​65.x

Wang, T., Liu, D., Piao, S., Wang, Y., Wang, X., Guo, H., Lian, X., Burkhart, 
J. F., Ciais, P., Huang, M., Janssens, I., Li, Y., Liu, Y., Peñuelas, J., Peng, 
S., Yang, H., Yao, Y., Yin, Y., & Zhao, Y. (2018). Emerging negative im-
pact of warming on summer carbon uptake in northern ecosystems. 
Nature Communications, 9(1), 5391. https://doi.org/10.1038/s4146​
7-018-07813​-7

Wilkman, E., Zona, D., Tang, Y., Gioli, B., Lipson, D. A., & Oechel, W. 
(2018). Temperature response of respiration across the het-
erogeneous landscape of the Alaskan Arctic tundra. Journal of 
Geophysical Research-Biogeosciences, 123, 2287–2302. https://doi.
org/10.1029/2017J​G004227

Williams, M., Eugster, W., Rastetter, E. B., Mcfadden, J. P., & Chapin 
Iii, F. S. (2000). The controls on net ecosystem productivity 
along an Arctic transect: A model comparison with flux mea-
surements. Global Change Biology, 6(S1), 116–126. https://doi.
org/10.1046/j.1365-2486.2000.06016.x

Wrona, E., Rowlandson, T. L., Nambiar, M., Berg, A. A., Colliander, A., 
& Marsh, P. (2017). Validation of the soil moisture active passive 
(SMAP) satellite soil moisture retrieval in an Arctic tundra environ-
ment. Geophysical Research Letters, 44(9), 4152–4158. https://doi.
org/10.1002/2017G​L072946

Wutzler, T., Lucas-Moffat, A., Migliavacca, M., Knauer, J., Sickel, K., 
Šigut, L., Menzer, O., & Reichstein, M. (2018). Basic and extensi-
ble post-processing of eddy covariance flux data with REddyProc. 
Biogeosciences, 15(16), 5015–5030. https://doi.org/10.5194/
bg-15-5015-2018

Yang, Y., Hopping, K. A., Wang, G., Chen, J., Peng, A., & Klein, J. A. 
(2018). Permafrost and drought regulate vulnerability of Tibetan 
plateau grasslands to warming. Ecosphere, 9(5), e02233. https://doi.
org/10.1002/ecs2.2233

Zeng, H., Jia, G., & Epstein, H. (2011). Recent changes in phenology 
over the northern high latitudes detected from multi-satellite 
data. Environmental Research Letters, 6(4), 045508. https://doi.
org/10.1088/1748-9326/6/4/045508

Zona, D., Gioli, B., Commane, R., Lindaas, J., Wofsy, S. C., Miller, C. E., 
Dinardo, S. J., Dengel, S., Sweeney, C., Karion, A., Chang, R. Y., 
Henderson, J. M., Murphy, P. C., Goodrich, J. P., Moreaux, V., Liljedahl, 
A., Watts, J. D., Kimball, J. S., Lipson, D. A., & Oechel, W. C. (2016). 
Cold season emissions dominate the Arctic tundra methane budget. 
Proceedings of the National Academy of Sciences of the United States of 
America, 113(1), 40–45. https://doi.org/10.1073/pnas.15160​17113

Zona, D., Lafleur, P. M., Hufkens, K., Bailey, B., Gioli, B., Burba, G., 
Goodrich, J. P., Liljedahl, A. K., Euskirchen, E. S., Watts, J. D., 
Farina, M., Kimball, J. S., Heimann, M., Göckede, M., Pallandt, M., 
Christensen, T. R., Mastepanov, M., López-Blanco, E., Jackowicz-
Korczynski, M., … Oechel, W. C. (2022). Earlier snowmelt may lead 
to late season declines in plant productivity and carbon seques-
tration in Arctic tundra ecosystems. Scientific Reports, 12(1), 3986. 
https://doi.org/10.1038/s4159​8-022-07561​-1

Zona, D., Lipson, D. A., Zulueta, R. C., Oberbauer, S. F., & Oechel, W. C. 
(2011). Microtopographic controls on ecosystem functioning in the 
Arctic coastal plain. Journal of Geophysical Research-Biogeosciences, 
116(G4), G00I08. https://doi.org/10.1029/2009J​G001241

Zona, D., Oechel, W. C., Kochendorfer, J., Paw, U. K. T., Salyuk, A. N., 
Olivas, P. C., Oberbauer, S. F., & Lipson, D. A. (2009). Methane 

 13652486, 2023, 5, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/gcb.16487, W

iley O
nline L

ibrary on [18/05/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1111/j.2041-210x.2012.00261.x
https://doi.org/10.1111/j.2041-210x.2012.00261.x
https://doi.org/10.1126/science.1082750
https://doi.org/10.1126/science.1082750
https://doi.org/10.1890/06-0649
https://doi.org/10.1890/06-0649
https://doi.org/10.1029/2011JG001653
https://doi.org/10.1029/2011JG001653
https://doi.org/10.1038/s41597-020-0534-3
https://doi.org/10.1038/s41597-020-0534-3
https://doi.org/10.1111/gcb.15481
https://doi.org/10.1038/ncomms6018
https://doi.org/10.1038/ncomms6018
https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1088/1748-9326/ab4d32
https://doi.org/10.1890/11-0875.1
https://doi.org/10.1111/j.1365-2486.2003.00719.x
https://doi.org/10.1111/j.1654-1103.2005.tb02365.x
https://doi.org/10.1111/j.1654-1103.2005.tb02365.x
https://doi.org/10.1038/s41467-018-07813-7
https://doi.org/10.1038/s41467-018-07813-7
https://doi.org/10.1029/2017JG004227
https://doi.org/10.1029/2017JG004227
https://doi.org/10.1046/j.1365-2486.2000.06016.x
https://doi.org/10.1046/j.1365-2486.2000.06016.x
https://doi.org/10.1002/2017GL072946
https://doi.org/10.1002/2017GL072946
https://doi.org/10.5194/bg-15-5015-2018
https://doi.org/10.5194/bg-15-5015-2018
https://doi.org/10.1002/ecs2.2233
https://doi.org/10.1002/ecs2.2233
https://doi.org/10.1088/1748-9326/6/4/045508
https://doi.org/10.1088/1748-9326/6/4/045508
https://doi.org/10.1073/pnas.1516017113
https://doi.org/10.1038/s41598-022-07561-1
https://doi.org/10.1029/2009JG001241


    |  1281ZONA et al.

fluxes during the initiation of a large-scale water table manipula-
tion experiment in the Alaskan Arctic tundra. Global Biogeochemical 
Cycles, 23, GB2013. https://doi.org/10.1029/2009G​B003487

Zwieback, S., Chang, Q., Marsh, P., & Berg, A. (2019). Shrub tundra eco-
hydrology: Rainfall interception is a major component of the water 
balance. Environmental Research Letters, 14(5), 055005. https://doi.
org/10.1088/1748-9326/ab1049

SUPPORTING INFORMATION
Additional supporting information can be found online in the 
Supporting Information section at the end of this article.

How to cite this article: Zona, D., Lafleur, P. M., Hufkens, K., 
Gioli, B., Bailey, B., Burba, G., Euskirchen, E. S., Watts, J. D., 
Arndt, K. A., Farina, M., Kimball, J. S., Heimann, M., Göckede, 
M., Pallandt, M., Christensen, T. R., Mastepanov, M., 
López-Blanco, E., Dolman, A. J., Commane, R. … Oechel, W. 
C. (2023). Pan-Arctic soil moisture control on tundra carbon 
sequestration and plant productivity. Global Change Biology, 
29, 1267–1281. https://doi.org/10.1111/gcb.16487

 13652486, 2023, 5, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/gcb.16487, W

iley O
nline L

ibrary on [18/05/2023]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1029/2009GB003487
https://doi.org/10.1088/1748-9326/ab1049
https://doi.org/10.1088/1748-9326/ab1049
https://doi.org/10.1111/gcb.16487

	Pan-­Arctic soil moisture control on tundra carbon sequestration and plant productivity
	Abstract
	1|INTRODUCTION
	2|METHODS
	2.1|Study sites
	2.2|Eddy covariance data processing and meteorological data
	2.3|Statistical analysis

	3|RESULTS
	4|DISCUSSION
	ACKNOWLEDGMENTS
	DATA AVAILABILITY STATEMENT

	REFERENCES


