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Supplementary Table

Table S1. Cost comparison between ImageNet, COCO, and FathomNet. These values should be understood as estimates since
most papers do not explicitly state the number of crowd worker hours nor compensation rates. * = values estimated from Deng
etal.! x = values estimated from Lin et al.” + = MBARI contributions only. ¢ = rate drawn from Sorokin and Forsyth.> AMT =
Amazon Mechanical Turk. MBARI VL = MBARI Video Laboratory.

Dataset Ann. source \ Ann. hours  Cost per hour \ Est. total cost
ImageNet-category labels* AMT 75,755 $3.25° $246,203
COCO-category labels™ AMT 17,751 $3.25° $57,691
COCO-instance spotting* AMT 8,417 $3.25° $27,355
FathomNet-benthic’ MBARI VL 1651 $80.00 $132,080
FathomNet-midwater’ ~ MBARI VL 412 $80.00 $32,960
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Supplementary Figure
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Figure S1. FathomNet’s concept tree is currently built based on MBARI’s VARS database. In addition to marine organisms
and their taxonomic hierarchies (object/marine organism; authors’ favorites include the giant larvacean Bathochordaeus mcnutti,
octocoral Gersemia juliepackardae, and the cephalopod Vampyroteuthis infernalis), the FathomNet concept tree also includes
concepts for trash (object/physical object/miscellany/trash) and geologic features (object/physical object/geologic feature).

Captions for Supplementary Video

Video S1. Object detector (trained on MBARI image data) performance on video collected by NOAA’s ROV Deep Discoverer
during a midwater transect.
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