OF 20 17

From A’Cllmate Pers :

= o g S -
— -~ o
/‘-/ /
"5 “_,- | ok — B
) Ead
l ¥ ‘- 4 d}(
‘1" - Vet > —
/A-,\ T
P /'\ -3 S = Y

» Special Supplement to the 2o 3 Do
Bulletin of the American Meteorologlcal Soc:ety
Vol. 100, No. 1, January 2019



EXPLAINING EXTREME
EVENTS OF 2017 FROM A
CLIMATE PERSPECTIVE

Editors

Stephanie C. Herring, Nikolaos Christidis, Andrew Hoell,
Martin P. Hoerling, and Peter A. Stott

Special Supplement to the
Bulletin of the American Meteorological Society

Vol. 100, No. I, January 2019

AMERICAN METEOROLOGICAL SOCIETY

020z dunf Og uo Jasn Ateiq [enuad YVON Ad Jpd°L /21 0-81-P-SWeA/y L #22/7/61S/1L/00/4pd-0oile/sweq/Bi0 d0s}ewe sjeunol//:dpy wouy papeojumoq



CORRESPONDING EDITOR:

Stephanie C. Herring, PhD

NOAA National Centers for Environmental Information
325 Broadway, E/CC23, Rm [B-13]

Boulder, CO, 80305-3328

E-mail: stephanie.herring@noaa.gov

CovVer CREDIT:

©Dean Sewell/Fairfax Syndication—Sir Ivan Bushfire, February 2017. A bushfire that started near Leadvill, east of Duneedoo
in the New South Wales (NSW) Central tablelands, ripped through bush and grasslands in a day that NSWV fire authorities
classified as catastrophic. Sheep and cattle maneuver around a dam to avoid a fast running bushfire as the fire front moved east.
Photograph by Dean Sewell/Oculi.

HOW TO CITE THIS DOCUMENT

Citing the complete report:

Herring, S. C., N. Christidis, A. Hoell, M. P. Hoerling, and P. A. Stott, Eds., 2019: Explaining Extreme Events of 2017 from a
Climate Perspective. Bull. Amer. Meteor. Soc., 100 (1), SI-S117, https://doi.org/10.1175/BAMS-ExplainingExtremeEvents2017.1.

Citing a section (example):

Hope, P., M. T. Black, E.-P. Lim, A. Dowdy, G. Wang, A. S. Pepler, and R. ]. B. Fawcett, 2019: On determining the impact of in-
creasing atmospheric CO, on the record fire weather in eastern Australia in February 2017 [in “Explaining Extremes of 2017
from a Climate Perspective”]. Bull. Amer. Meteor. Soc., 100 (1), SI11-SI17, https://doi.org/10.1175/BAMS-D-18-0135.1.

Si | BAIMS JANUARY 2019

020z dunf Og uo Jasn Ateiq [enuad YVON Ad Jpd°L /21 0-81-P-SWeA/y L #22/7/61S/1L/00/4pd-0oile/sweq/Bi0 d0s}ewe sjeunol//:dpy wouy papeojumoq



TABLE OF CONTENTS

I. Introduction to Explaining Extreme Events of 2017 from a Climate Perspective........... Sl
2. Actuaries are Paying Attention to Climate Data ..., S5
3. Hydroclimatic Extremes as Challenges for the Water Management Community:

Lessons from Oroville Dam and Hurricane Harvey ............ ... ... ..o, S9
4. Observations of the Rate and Acceleration of Global Mean Sea Level Change ........... SI5
5. Anthropogenic Contributions to the Intensity of the 2017 United States Northern

Great Plains Drought. ... ... . SI9
6. Attribution of the 2017 Northern High Plains Drought ................. ... ... ..., S25
7. The Extremely Wet March of 2017 inPeru......... ... . .. . i i S31
8. Contribution of Anthropogenic Climate Change to April-May 2017 Heavy

Precipitation over the Uruguay River Basin. ..., S37
9. December 2016: Linking the Lowest Arctic Sea-lce Extent on Record with the

Lowest European Precipitation Eventon Record ................... ... ... S43
10. The Exceptional Summer Heat Wave in Southern Europe 2017 ......................... S49
I1. Examining the Potential Contributions of Extreme “Western V” Sea Surface

Temperatures to the 2017 March—June East African Drought ................... ... ... S55
12. Risks of Pre-Monsoon Extreme Rainfall Events of Bangladesh: Is Anthropogenic

Climate Change Playinga Role? . ... ... .o Sél
I3. The Effects of Natural Variability and Climate Change on the Record Low Sunshine

over Japan during August 2017 .. ... ... S67
14. Anthropogenic Contribution to 2017 Earliest Summer Onset in South Korea ........... S73
I5. Anthropogenic Influence on the Heaviest June Precipitation in Southeastern China

SINCE 196l S79
16. Attribution of the Persistent Spring—Summer Hot and Dry Extremes over Northeast

China in 2017, ... S85
17. Anthropogenic Warming has Substantially Increased the Likelihood of July 2017-Like

Heat Waves over Central Eastern China.......... .. .. ... .. .. i, S91

I8. Attribution of a Record-Breaking Heatwave Event in Summer 2017 over the Yangtze

River Delta. . ... S97
19. The Role of Natural Variability and Anthropogenic Climate Change in the 2017/18
Tasman Sea Marine Heatwave. ...... .. ... . i S105

20. On Determining the Impact of Increasing Atmospheric CO, on the Record Fire
Weather in Eastern Australia in February 2017 ........ ... . .. o i St

AMERICAN METEOROLOGICAL SOCIETY JANUARY 2019 BAMS | Siii

020z dunf Og uo Jasn Ateiq [enuad YVON Ad Jpd°L /21 0-81-P-SWeA/y L #22/7/61S/1L/00/4pd-0oile/sweq/Bi0 d0s}ewe sjeunol//:dpy wouy papeojumoq



Downloaded from http://journals.ametsoc.org/bams/article-pdf/100/1/S19/4722414/bams-d-18-0127_1.pdf by NOAA Central Library user on 30 June 2020



ANTHROPOGENIC CONTRIBUTIONS TO THE INTENSITY OF
THE 2017 UNITED STATES NORTHERN GREAT PLAINS DROUGHT

ANDREW HOELL, JuDITH PERLWITZ, CANDIDA DEWES, KLAUS WOLTER, IMTIAZ RANGWALA,
XiA0-WEI QUAN, AND JoN EiscHEID

Anthropogenic forcing made the occurrence of observed 2017 northern Great Plains drought intensity up to
1.5 times more likely through aridification due to long-term increases in evapotranspiration over precipitation.

INTRODUCTION. Drought conditions developed
rapidly during the spring and summer of 2017 over
the northern Great Plains states of South Dakota,
North Dakota, and Montana (Fig. 1a). On 2 May
2017, the U.S. Drought Monitor (USDM) reported
no drought, with only two small areas of abnormal
dryness in the central part of the region (Fig. 1b). By 1
August 2017, the USDM depicted widespread drought
over all of eastern Montana and the Dakotas, high-
lighted by areas of extreme and exceptional drought
(Fig. 1c). Deemed a “billion dollar disaster,” this
drought sparked widespread wildfires* and compro-
mised water resources, which led to the destruction
of property, livestock sell-offs, and reduced agricul-
tural production.®* While this region is no stranger
to drought (e.g., Woodhouse and Overpeck 1998),

! www.ncdc.noaa.gov/billions/

2 www.nytimes.com/2017/09/07/us/montana-wildfire-drought
.html

* www.usda.gov/media/blog/2017/10/03/million-acres-scorched
-montana-wildfires
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the last comparable event occurred as far back as
1987-89 [described in Riebsame et al. (1991)].* Here,
we investigate anthropogenic contributions to the
intensity of this drought during May-July 2017 using
climate model simulations.

DATA. Drought monitoring and estimates of observed
conditions. Expert drought assessments are from the
USDM. The National Drought Mitigation Center®
archives these USDM maps, which blend observa-
tions of the hydrology and climate with reported lo-
cal impacts to produce estimates of drought severity
coverage.

Estimates of observed 1-m soil moisture, precipita-
tion, evapotranspiration, and 2-m air temperature are
from the North American Land Data Assimilation
System version 2 (NLDAS-2; Xia et al. 2012). We use
the median of three models from NLDAS-2: Mosaic
(Koster and Suarez 1994), Noah-2.8 (Xia et al. 2012),
and the Variable Infiltration Capacity model (VIC-
4.0.3; Wood et al. 1997).

Climate model simulations. Two 40-member ensembles
of historical climate simulations are diagnosed for
1920-2016. The first ensemble, called AOGCM for
atmosphere-ocean general circulation model, is car-
ried out with the Community Earth System Model
(CESM) version 1 (Kay et al. 2015), a fully coupled
climate model. CESM utilizes the Community At-
mosphere Model version 5 (CAMS5; Neale et al. 2010)
and the Community Land Surface Model version 4
(CLM4; Lawrence et al. 2011), both of which are run at
an approximately 1° resolution. The second ensemble,
called AGCM, is carried out with CAM5 and CLM4.
While ocean and sea ice conditions are calculated

* www.ncdc.noaa.gov/billions/events/US/1980-2017
5 http://droughtmonitor.unl.edu/
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(a) Northern Plains Region Within the United States

(b) 2 May 2017 USDM

Intensity:

statements.

htp://droughtmonitor.unl.edu/

(d) July 2017 Soil Moisture

DO Abnormally Dry

D1 Moderate Drought

D2 Severe Drought
- D3 Extreme Drought
- D4 Exceptional Drought
The Drought Monitor focuses on broad-scale

conditions. Local conditions may vary. See
accompanying text summary for forecast

htp:/idroughtmonitor.unl.edu/

(e) May-July 2017 Precipitation

o il

Percentile Rank Relative to 1979-2017

[ | | |

Record (0-5) 6-10 11-20 21-30 31-100

FiG. I. (a) Location of the northern Plains. (b),(c) U.S Drought Monitor on 2 May and | Aug 2017, respectively.
Also shown are percentile ranks of (d) July 2017 I-m soil moisture and (e) May-July 2017 precipitation based
on the NLDAS-2 data. The blue box in (d) and (e) encloses the domain considered in the analysis of climate
model simulations.
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in AOGCM, AGCM is forced with observed time-
evolving sea surface temperature and sea ice concen-
trations from Hurrell et al. (2008), which combines
data from HadISST version 1 (Rayner et al. 2003)
and NOAA OI SST version 2 (Reynolds et al. 2007).
Both experiments are externally forced by the same
anthropogenic (e.g., greenhouse gases and aerosols)

§20 | BAMS JANUARY 2019

and natural (solar and volcanic) drivers, according
to the design protocol for phase 5 of the Coupled
Model Intercomparison Project (CMIP5), historical
forcing for 1920-2005 (Lamarque et al. 2010), and the
representative concentration pathway 8.5 (RCP8.5)
scenario (Meinshausen et al. 2011; Lamarque et al.
2011) thereafter.



METHODS. We compare conditions between
1920-49 and 1987-2016, referred to as the past and
current climates, respectively. The comparison be-
tween past and current climates in the AOGCM and
AGCM ensembles isolates the effect of changes in the
prescribed external forcing, which is mostly anthropo-
genic (Bindoff et al. 2013). It is important to note that
while the AOGCM and AGCM ensembles employ dif-
ferent experimental designs, they still utilize the same
atmosphere and land surface models.

Our choice of past climate overlaps the “Dust
Bowl” era of the 1930s. Conflicting results exists as
to whether the Dust Bowl over the northern Plains
was forced by sea surface temperatures (cf. Schubert
et al. 2004; Hoerling et al. 2009). The choice of past
climate period does not affect our results since neither
experiment indicates that the severity and duration
of the Dust Bowl was forced by the boundary condi-
tions (sea surface temperatures in the case of AGCM
and external forcing in the case of both AGCM and
AOGCM).

We compare histograms of 1-m soil moisture,
precipitation, evapotranspiration, and 2-m air
temperature—and the relationships among those
variables—between the simulated past and current
climates over the northern Plains. The term “north-
ern Plains” hereafter refers to areal averages over
the region bounded by the blue box in Figs. 1d and
le, the area in which soil moisture was lowest across
the region during July 2017. Four classes of agricul-
tural drought intensity are considered based on 1-m
soil moisture percentile ranges (0-2, 3-5, 6-10, and
11-20), which are analogous to those considered by
USDM.¢ Soil moisture thresholds associated with
these percentiles are calculated relative to the past
climate. The Kolmogorov-Smirnov test is used to
examine whether the probability estimated from
sample values between the past and current climates
are of the same distribution. The change in drought
risk and associated confidence intervals between past
and current climates is also examined.

RESULTS. Soil moisture during July 2017 for the
northern Plains region was the fifth lowest (12th per-
centile) between 1979 and 2017 (Fig. 1d). Widespread
soil moisture in the lowest 20th percentile was ob-
served across the region. Some areas were especially
affected, as Glasgow in northeast Montana and Bis-
marck in central North Dakota experienced their
lowest July soil moisture in 2017 since at least 1979. The

¢ http://droughtmonitor.unl.edu/AboutUSDM/DroughtClassifi
cation.aspx
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climate model experiments suggest that anthropogenic
greenhouse forcing has contributed to the intensity of
the drought by driving long-term reductions in soil
moisture (referred to hereafter as aridification). From
past to current climate, the simulations exhibit signifi-
cant (p < 0.001) northern Plains soil moisture declines
of 2%, which corresponds to 0.5 standard deviations
(0) of the past climate’s interannual variability (Fig. 2a;
see also Fig. ESla in the online supplemental material).
The aridification of July soil moisture is also notable in
the scatter of soil moisture, as there is a clear shift to
lesser values in the current climate relative to the past
(Figs. 2e,fand ES2e,f).

Consistently, the aridification during July in-
creased the risk of summertime northern Plains
agricultural droughts (Table 1). Specifically, droughts
in the 11th-20th soil moisture percentile, such as dur-
ing July 2017, are found to occur 1.2-1.5 times more
often in the current climate than in the past climate.
For more intense droughts, the risk of occurrence is
even more enhanced with droughts in the 3rd-5th
and 0th-2nd soil moisture percentiles occurring 1.7-2
times and 3-5 times more frequently in the current
climate than in the past climate, respectively.

The observed drought was largely driven by low
May-July precipitation over the northern Plains
(Fig. 1e). Record low precipitation since 1979 was
observed over at least 50% of the northern Plains
region, mainly over northeastern Montana and North
Dakota. However, the climate model experiments
show a slight but significant increase (at p < 0.04)
in northern Plains precipitation (Figs. 2b and ES1b),
indicating that an anthropogenically driven increase
in risk of specific drought intensities is not caused by
precipitation changes. Rather, the aridification of the
northern Plains during July is forced by statistically
significant (p < 0.001) increases in evapotranspira-
tion (0.40; Fig. ES2¢) during May-July associated
with statistically significant (p < 0.001) increases in
May-July 2-m air temperature by 0.5-0.6 K (0.50;
Figs. 2d and ES2d). Previous studies show that many
of the twentieth-century temperature changes over
North America are attributable to human influences
in coupled climate models (e.g., Knutson et al. 2013).
Our findings are consistent with a body of literature
that suggests that anthropogenic influences decreases
soil moisture and increases the risk of agricultural
drought over North America through increases in
evaporation as a result of human-induced warming
(e.g., Hoerling et al. 2008; Sheffield and Wood 2011).

May-July precipitation and July soil moisture are
closely linked (r = 0.76; Figs. 2e,f and ES2e,f) in both
past and current climates. Taking into account the
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(a) AOGCM 1-m Soil Moisture (b) AOGCM Precipitation
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Fic. 2. Results from AOGCM areally averaged over the northern Plains.
Normalized histograms of (a) July I-m soil moisture, (b) May-July precipitation,
(c) May-July evapotranspiration, and (d) May-july 2-m air temperature (cm)
for 1987-2016 (red) and 1920-49 (blue). Black line in (a)-(d) displays NLDAS-2
percentile rank for 2017 at the value corresponding to the same percen-
tile rank in the model simulations of the current climate. Also shown are
scatter diagrams of July I-m soil moisture and May-July precipitation during
(e) 1920-49 and (f) 1987-2016.
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small precipitation change
between past and current
climates, we can illustrate,
however, that specific pre-
cipitation amounts above
certain percentiles are less
effective at keeping the
northern plain regions out
of drought (see Table ES1
in the online supplemental
material; shift in scatter to
lower soil moisture values
from past to current climate
in Figs. 2e,f and ES2e,f).
For example, there is up to
a 3.5-fold increased risk in
drought occurrence when
precipitation falls in the
40th-50th percentile range.
Even for lower precipita-
tion percentiles (e.g., 2nd-
10th), where it is expected
that drought occurs more
frequently in general, there
is still a 30% increase in
drought occurrence from the
past to the current climate.

For May-July 2017, which
was the driest since at least
1979 over the northern
Plains (Fig. le), both the
AGCM and AOGCM exper-
iments reveal that drought
during July 2017 would have
likely occurred regardless of
external forcing (Table ES2).
We found that in both past
and current climates there is
a92% chance that simulated
1-m soil moisture falls in the
lower 20th percentile when
May-July precipitation val-
ues are in the lower second
percentile.

CONCLUSIONS. We
estimated the anthropogenic
contributions to the intensity
of agricultural drought over
the United States northern
Great Plains during May-
July 2017 using model simu-
lations. The experiments
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TaBLE |. Relative risk of drought intensity between current and past climates as a function of July
soil moisture percentiles in AOGCM and AGCM simulations.
AOGCM AGCM
Soil moisture percentile | Lower 95% CI Risk Upper 95% Cl | Lower 95% Cl  Risk Upper 95% ClI
21-30 0.8 1.0 1.3 1.0 1.2 1.5
11-20 1.0 1.2 1.5 1.3 1.5 1.9
6-10 1.1 1.5 2.0 1.3 1.8 24
3-5 1.4 2.0 3.0 1.27 1.7 2.6
0-2 2.2 34 5.4 34 5.2 8.0

reveal that climate change made droughts with an
intensity similar to that observed in May-July 2017 up
to 1.5 times more likely as a result of aridification due
to increases in evapotranspiration over precipitation.
However, the principal cause of the 2017 drought was
record low precipitation. We found that for such record
low May-July 2017 (0th-2nd percentile) precipitation,
drought (as defined by soil moisture below the 20th per-
centile) occurs with the same frequency in the simulated
current and past climates.
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